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Abstract. In the digital business environment, organizations 

increasingly rely on workforce data to improve human resource 

management, strategic planning, and organizational performance. 

HR analytics has become an important managerial tool because it 

enables companies to move beyond intuition-based decision-making 

and use evidence-based insights for workforce planning, talent 

allocation, employee retention, performance monitoring, and 

productivity improvement. The objective of this article is to examine 

the application of HR analytics tools in strategic decision-making 

and workforce optimization and to evaluate how these tools 

contribute to data-driven human resource management in 

organizations. The study applies a quantitative research 

methodology based on primary and secondary data. Primary data 

were collected through a structured questionnaire using a five-point 

Likert scale. The sample consisted of 356 respondents selected from 

approximately 300,000 IT employees in Andhra Pradesh, India, 

using Cochran’s sample size formula at a 95% confidence level. 

Secondary data were obtained from research articles, case studies, 

journals, books, and credible online sources related to HR analytics, 

predictive analytics, workforce planning, and organizational 

performance. The data were analysed using descriptive statistics, 

frequency and percentage analysis, correlation analysis, and 

multiple linear regression. The findings show that HR analytics tools 

are actively used in organizations for descriptive analytics, 

predictive analytics, HR dashboards, compensation analytics, 

engagement analytics, and workforce planning. The results indicate 

that 73% of respondents either strongly agreed or agreed that HR 

analytics improves strategic decision-making. The study also shows 

that HR analytics supports workforce optimization by identifying 

skill gaps, improving employee retention, enhancing productivity, 

and enabling better resource allocation. The article concludes that 

HR analytics is becoming a strategic asset in modern human 

resource management. Organizations that use analytics tools can 

make more accurate, evidence-based decisions and improve 

workforce efficiency. Future studies should expand the sample size, 

include more sectors and regions, apply longitudinal research 

designs, and test standardized models for measuring the impact of 

HR analytics on strategic decision-making, retention, productivity, 

and organizational performance. 
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Introduction. Today, organizations operate in a highly competitive and 

rapidly changing environment. In such conditions, managing employees 

effectively has become one of the most important factors influencing long-

term success. Traditionally, many HR decisions were made based on 

managerial experience and intuition. Although experience remains valuable, 

relying solely on judgment can sometimes lead to incomplete decisions. As 

organizations began collecting large amounts of workforce data, the need to 

analyze this information systematically became clear. 

This development has led to the growing adoption of HR analytics. HR 

analytics refers to the process of collecting, analyzing, and interpreting 

employee data, which helps HR departments move beyond purely 

administrative tasks, allowing professionals to participate more actively in 

strategic planning processes instead of focusing solely on routine tasks (Diez 

et al., 2019). 

HR analytics also plays a key role in workforce optimization. Through 

careful analysis of workforce data, organizations can identify skill gaps, 

improve resource allocation, and design policies to enhance employee 

productivity and engagement (Goswami & Mansi, 2025; Wolniak et al., 

2024). Consequently, companies can manage their human resources more 

efficiently and achieve better organizational outcomes. Therefore, this study 

aims to explore how organizations apply HR analytics tools and how they 

influence strategic decision-making. 

Literature Review. Verma and Singh (2025) looked into how HR 

analytics can boost workforce planning and performance evaluation. They 

discovered that companies using HR analytics are able to identify trends in 

employee performance, recognize skill gaps, and create tailored 

development plans to enhance employee performance. Additionally, insights 

from analytics help refine retention strategies and ensure HR practices are 

aligned with the company's goals. 

Li and Chen (2024) examined the influence of HR analytics on 

improving employee performance and organizational efficiency. The 

analysis underscores that data-driven HR practices enable organizations to 

methodically monitor productivity, employee engagement, and training 

efficacy, thereby promoting prompt and informed interventions. Predictive 

analytics helps with attrition forecasting, identifying high-potential 

employees, and optimising workforce utilisation. 

Nguyen and Park (2023) investigated how predictive HR analytics 

affect strategic workforce planning. Their findings indicate that companies 

that use machine learning analytics can identify when employees are likely 

to leave, identify patterns in their performance, and develop targeted 

retention strategies. Predictive modelling improves long-term planning and 

assists HR in informing proactive decisions. 

Ahmed and Qureshi (2022) explored the application of advanced HR 

analytics platforms across HR functions. The research revealed that 
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organizations using integrated analytics systems could evaluate training 

effectiveness, monitor engagement trends, and measure HR initiative ROI, 

enabling managers to replace intuitive decisions with data-supported 

strategies that enhance workforce performance. 

Banerjee and Chatterjee (2020) analyzed how HR analytics is 

integrated with organizational strategy in multinational companies. Their 

analysis revealed that analytics tools help connect HR metrics, such as 

performance scores and skill gaps, with business goals. This supports 

evidence-based workforce decisions that improve overall organizational 

performance. 

Patel and Desai (2019) emphasized that predictive HR analytics helps 

organizations improve talent retention by analyzing employee turnover data. 

This helps identify employees at risk of attrition, allowing HR teams to take 

proactive retention measures. This approach supports workforce stability 

and reduces recruitment costs. 

Brown and Green (2018) explored the impact of analytical tools on 

employee engagement strategy. Their research demonstrated that sentiment 

analysis and HR dashboards enabled managers to detect early signs of 

disengagement and customize interventions, leading to improved morale and 

lower absenteeism. 

HR analytics has significantly changed the way managers make 

decisions (Ogedengbe et al., 2024). It involves the systematic gathering and 

analysis of workforce data to inform organizational decisions (Zubair & 

Erdoğdu, 2024). Leaders can thus use data to support their decisions with 

evidence rather than relying on intuition (Ogedengbe et al., 2024). This data-

driven method links human capital metrics to business outcomes, aiding 

long-term planning and providing companies with a competitive edge 

through measurable insights that support strategic initiatives (Kiran et al., 

2023). 

Analytics plays a pivotal role in informing management decisions by 

offering direction, clarity, and predictive insights. Companies that use 

analytical tools tend to better understand workforce trends and risk 

management (Tuli et al., 2018). Moreover, HR analytics boosts 

organizational resilience, aids in skill development, and strengthens a lasting 

commitment to achieving strategic objectives (Al-Ayed, 2019). 

Workforce optimization focuses on effectively utilizing employees to 

reach organizational goals by ensuring the right people with the right skills 

are in the right roles (Shaari et al., 2023). HR analytics facilitates this by 

providing organizations with a clearer understanding of their workforce 

capabilities and the talent required in the future (Wang, 2024). Using 

analytical tools, managers can monitor productivity, analyse performance 

trends, and identify skill gaps (Alabi et al., 2024). These insights enable 

organizations to create targeted training programs and refine their workforce 
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planning (Moen et al., 2016). Ultimately, optimizing the workforce leads to 

improved productivity and operational efficiency (Tripathi et al., 2025). 

Predictive analytics is one of the most advanced applications of HR 

analytics (Fernández & Gallardo-Gallardo, 2020). It involves the use of 

historical data to identify patterns and forecast future outcomes 

(Bositkhanova & Dadaboyev, 2025). In HR management, predictive models 

can help estimate employee turnover, identify potential high performers, and 

improve recruitment planning (John & Hajam, 2024). Organizations that 

adopt predictive analytics are often better prepared to manage workforce 

challenges (Dutta et al., 2024). By identifying potential problems early, 

companies can take preventive measures and reduce recruitment and training 

costs (Konda et al., 2025). 

Organizational performance is evaluated by comparing achieved 

outcomes with predefined strategic goals. In the context of HR analytics, 

performance indicators include productivity growth, profitability, cost 

efficiency, and employee engagement. Financial performance reflects 

operational efficiency and resource utilization, whereas market performance 

measures competitive positioning and growth. HR analytics strengthens 

performance management systems by directly linking employee metrics with 

business results. Evidence suggests a positive correlation between analytics 

implementation and improved organizational outcomes. 

Compensation analytics focuses on assessing how employees are paid 

and how incentive programs operate using quantitative methods. Financial 

incentives serve as quick motivators that can boost productivity and 

influence employee behaviour. When performance metrics are tied to 

incentive programs, employees tend to strive for higher achievements. 

Analytical tools are essential for companies to determine pay models and 

assess the effectiveness of employee reward systems. These incentives drive 

employees to align their actions with organizational goals, and they tend to 

be more effective when backed by data on employee performance. Such 

tools also allow organizations to evaluate whether spending on rewards 

actually yields returns. 

A productive work environment enhances employee efficiency and 

engagement (Lopez et al., 2022). HR analytics tools measure workplace 

satisfaction, collaboration patterns, and resource utilization. Work 

environment analytics helps identify factors such as workload distribution, 

remote work efficiency, and employee well-being. Data-driven insights 

improve policy design and create supportive organizational climates that 

foster innovation and growth. 

Organizational culture represents the shared values, norms, and 

practices that influence employee behavior. Culture evolves as groups adapt 

to internal and external challenges. Organizational culture analytics also 

examines turnover rates and feedback patterns, helping leaders identify gaps 

in alignment and fostering workplaces conducive to positive inter-employee 
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relations. Data-driven cultural assessments improve team collaboration and 

aid companies in adapting their strategies. 

Recognition systems significantly impact employee motivation and 

engagement. HR analytics measures recognition frequency, reward 

effectiveness, and performance outcomes. Organizations with analytics-

based recognition programs report higher employee satisfaction and 

productivity (Ajiga et al., 2024; Godbole & Thakare, 2026). Integrating 

recognition metrics into HR dashboards enables leaders to identify high 

performers and promote merit-based advancement in the workplace 

(Espinosa, 2023; Lohana et al., 2021). 

HR analytics is essential for keeping employees happy and secure (“HR 

Analytics in an Era of Rapid Automation,” 2023). Tools help companies 

determine why people leave, who might leave, and signs that employees are 

unhappy (Johar, 2024; Karmańska, 2020). When employees do not feel 

secure in their jobs, companies experience high turnover, and employees are 

dissatisfied (Mahmood & Rauf, 2018; Schalkwyk et al., 2010). Studies have 

shown that using data to keep employees happy is effective (Lydgate, 2018; 

Ravesangar & Narayanan, 2024). It helps reduce employee turnover and 

makes employees feel more connected to their companies (Alam, 2024; 

Kiran et al., 2023). By using models, HR managers can identify employees 

who might be about to leave and intervene to help them stay (Adeusi et al., 

2024; Dutta et al., 2024). 

Empirical studies have shown that HR analytics impacts company 

performance (Etukudo, 2019; Johar, 2024). Case studies demonstrate that 

data-driven HR practices improve productivity and growth (Madhuri & 

Kumar, 2025; Okatta et al., 2024). Analytics also confirms that it improves 

recruitment efficiency, reduces costs, and enhances strategic workforce 

planning (Karmańska, 2020; Majam & Jarbandhan, 2022). 

The research gap identified in the study concerns several aspects. 

Although HR analytics is widely discussed, there is a lack of empirical 

studies that clearly demonstrate how HR analytics tools directly influence 

strategic decision-making in organizations. Existing research often examines 

HR analytics and strategic HR management separately, with insufficient 

integration of these concepts into a unified framework that explains their 

combined impact on workforce optimization. Many studies focus on 

individual HR outcomes such as employee engagement or performance, 

while limited research links HR analytics tools to overall workforce 

optimization and efficiency. There is also a gap between theoretical models 

of HR analytics and their practical implementation in organizations, 

especially in developing economies. Most existing research is generalized 

and lacks focus on specific industries, making it difficult to understand how 

HR analytics tools function in different organizational contexts. While HR 

analytics is recognized as a decision-support tool, its role in high-level 

strategic decisions, such as talent planning, resource allocation, and long-
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term workforce strategy, is still underexplored. Finally, there is no 

universally accepted model or metrics to measure the effectiveness of HR 

analytics tools in improving strategic outcomes and workforce optimization. 
 

 
Figure 1. Research gap 

Source: developed by the authors based on the reviewed literature. 

 

The research model explains the relationship between HR analytics 

tools and organizational outcomes. Recruitment analytics, training analytics, 

performance appraisal analytics, engagement analytics, retention analytics, 

and workforce planning analytics are considered HR analytics tools that 

support strategic decision-making and workforce optimization. These 

processes are expected to lead to improved productivity, enhanced job 

satisfaction, optimized talent retention, and data-driven strategic HR 

decisions. 

 

 
Figure 2. Research Model for HR Analytics Tools in Strategic 

Decision-Making and Workforce Optimization 
Source: developed by the authors. 

There are limited empirical studies on the direct impact of HR analytics tools on strategic decision-
making.

Limited empirical evidence

Existing studies often examine HR analytics and strategic HR management separately, without a 
unified framework.

Lack of integrated frameworks

The relationship between HR analytics tools and overall workforce optimization remains 
insufficiently explored.

Insufficient focus on workforce optimization

There is a noticeable disconnect between theoretical HR analytics models and their practical 
implementation in organizations.

Gap between theory and practice

Most studies are generalized and do not sufficiently explain how HR analytics functions in specific 
industries.

Limited sector-specific studies

The role of HR analytics in high-level decisions such as talent planning, resource allocation, and 
long-term workforce strategy remains underexplored.

Underexplored role in strategic decision-making

There is no universally accepted model or set of metrics for measuring the effectiveness of HR 
analytics tools.

Lack of standardized measurement models

HR Analytics Tools: 
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Aims. The aim of this study is to examine the application of HR 

analytics tools in strategic decision-making and workforce optimization and 

to evaluate how these tools contribute to evidence-based human resource 

management in organizations. 

The objectives of the study are to examine the concept and practical use 

of HR analytics tools in organizations; to analyse how HR analytics supports 

strategic decision-making; to evaluate the role of HR analytics in workforce 

optimization; to identify the most commonly used HR analytics tools in 

organizations; and to assess the relationship between HR analytics 

implementation and workforce-related outcomes such as productivity, 

retention, skill gap identification, and employee engagement. 

The study is based on the following hypotheses: 

H1: HR analytics tools positively affect strategic decision-making (Okatta 

et al., 2024). 

H2: HR analytics tools positively affect workforce optimization (Wolniak 

et al., 2024). 

H3: Predictive analytics significantly reduces employee turnover (Konda et 

al., 2025). 

H4: HR dashboards significantly improve organizational performance 

(Pietroni & Marconi, 2023). 

Methodology. This research is based on information gathered from 

primary and secondary data sources. Primary data were collected using a 

structured questionnaire, and secondary data were obtained from case 

studies, research articles, journals, books, and credible online sources related 

to HR analytics. HR professionals and managers working in various 

organizations provided primary data, which allowed for the examination of 

the application of HR analytics tools in strategic decision-making and 

workforce optimization. 

The sample size was 356 respondents. SurveyMonkey software was 

used to collect and organize the primary data. 

For this research, a pragmatic philosophy was adopted. Pragmatism 

advocates for methods that address research questions by considering 

practical, ethical, and real-world implications (Lim, 2023). This philosophy 

facilitates the integration of quantitative data collection methods for 

comprehensive analysis and reliable conclusions (Lim, 2023). 

Data were collected through structured interviews with HR managers 

and analytics professionals. Quantitative data were collected using 

questionnaires distributed to HR executives and employees. The collected 

data were analyzed using statistical and inferential methods. This approach 

enabled the researcher to obtain numerical data and practical insights for 

decision-making. 

The research design refers to the strategy used to collect, measure, and 

analyze data (Moissenko et al., 2015). A well-defined research design 

enables efficient resource allocation and ensures a systematic investigation. 



Issue 2 (26), 2026 Economics, Finance and Management Review 

e-ISSN 2674-5208       print-ISSN 2733-2101 

 

85 

A descriptive research design was adopted for quantitative analysis using 

frequencies, percentages, graphs, and statistical measures to examine the 

association between HR analytics tools and organizational performance. 

An explanatory research design was also used to address how and why 

HR analytics influences strategic decision-making and workforce 

optimization. According to Zikmund (2003), descriptive research transforms 

raw data into meaningful information that is easily interpreted. 

This study adopted a convenience sampling technique to collect 

primary data from IT employees. The required sample size was determined 

using Cochran’s formula with a 95% confidence level. 

The formula used was: 

n₀ = Z²pq / e²  (1) 
Where Z = 1.96, p = 0.5, q = 0.5, and e = 0.052. 

 

Substituting the values: 

 

n₀ = (1.96)²(0.5)(0.5) / (0.052)² = 0.9604 / 0.002704 = 356 

 

Thus, 356 respondents were selected from a population of 300,000 IT 

employees in Andhra Pradesh. 

Descriptive statistics, such as frequency, percentage, mean, and 

standard deviation, were used to summarize the demographic and opinion 

data. Bivariate correlation analysis was applied to examine the relationship 

between HR analytics implementation and workforce outcomes. 

Furthermore, multiple linear regression analysis was conducted to assess the 

impact of HR analytics tools on strategic decision-making and workforce 

optimization. 

The independent variable for this study is HR analytics tools, whereas 

the dependent variables are strategic decision-making and workforce 

optimization. The researchers used standardized closed-ended and a few 

open-ended questionnaires to collect the primary data. The questionnaire 

related to strategic decision-making was adapted from established strategic 

management and decision effectiveness measurement scales, whereas the 

items measuring HR analytics tools were developed based on previous HR 

analytics literature and performance measurement frameworks. Workforce 

optimization items were designed to measure productivity, efficiency, talent 

alignment, and retention. 

The questionnaire included three main blocks: demographic 

information; HR analytics implementation, including descriptive, predictive, 

and prescriptive tools; and strategic decision-making and workforce 

optimization outcomes. A five-point Likert scale ranging from Strongly 

Disagree (1) to Strongly Agree (5) was employed to measure respondents’ 

perceptions. 
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Figure 3. Research sampling design 
Source: developed by the authors. 

 

The study has several limitations. The sample size was limited by time 

constraints. Financial constraints also restricted the collection of broader 

datasets. The study may contain response bias, as the findings are based on 

the perceptions of HR professionals. Some respondents were reluctant to 

provide detailed information through online questionnaires. Additionally, 

limited access to confidential organizational HR analytics data affected the 

depth of analysis. 

Results. The results of the study are presented through descriptive 

statistics, frequency analysis, percentage distribution, and interpretation of 

respondents’ perceptions regarding HR analytics tools, strategic decision-

making, and workforce optimization. The empirical findings are organized 

around HR analytics applications, demographic characteristics of 

Research Sampling Design 
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Pradesh 

• Population size: 300,000 
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• Sampling technique: Convenience 

sampling 

• Sampling method selection: 

Selection of available and relevant 

respondents 

 

Step 3. Sample Size Determination 

• Formula used: Cochran’s formula 

• Formula: n₀ = Z²pq / e² 

• Parameters: Z = 1.96; p = 0.5; q = 

0.5; e = 0.052 

• Final sample size: n = 356 

Step 4. Data Collection 

• Respondents selected: 356 IT 

employees 

• Method: Primary data collection 

through structured questionnaire 

• Tool: SurveyMonkey 

Step 5. Data Analysis 

• Descriptive statistics: frequency, 

percentage, mean, standard deviation 

• Correlation analysis: HR analytics 

tools and workforce outcomes 

• Multiple regression analysis: impact 

on strategic decision-making and 

workforce optimization 

Step 6. Interpretation 

• Result interpretation 

• Conclusion development 
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respondents, the use of HR analytical tools in organizations, and the 

perceived impact of HR analytics on strategic decision-making. 

 

 
 

Figure 4. HR Analytics Tools in Strategic Decision-Making and 

Workforce Optimization 
Source: developed by the authors. 

 

HR analytics applications. HR analytics tools support several HR 

functions, including workforce reporting, employee turnover analysis, 

performance monitoring, reward management, employee engagement, and 

workforce planning. The key applications of HR analytics are presented in 

Table 1. 

Table 1 shows that HR analytics tools are used not only for 

administrative HR reporting but also for strategic decision-making. 

Descriptive analytics supports the understanding of past HR trends, while 

predictive analytics allows organizations to forecast attrition risk. HR 

dashboards and workforce planning tools help managers track performance 

indicators and identify skill gaps, which contributes to better workforce 

allocation. 
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Table 1. Key HR Analytics Applications 

HR analytics tool HR function Purpose 
Organizational 

outcome 

Descriptive Analytics Workforce reporting 
Understand past HR 

trends 
Better HR planning 

Predictive Analytics 
Employee turnover 

analysis 
Forecast attrition risk Improved retention 

HR Dashboard 
Performance 

monitoring 

Track productivity 

metrics 
Data-driven decisions 

Compensation 

Analytics 
Reward management Evaluate pay fairness Higher motivation 

Engagement Analytics Employee surveys Measure satisfaction Improved engagement 

Workforce Planning 

Tools 
Talent management Identify skill gaps 

Efficient workforce 

allocation 

Source: developed by the authors based on the reviewed literature and research model. 

 

Distribution of respondents based on demographic characteristics. 

The demographic characteristics of respondents are presented in Table 2. 

The sample consisted of 356 respondents and included gender, age, 

educational qualification, and professional experience. 

 

Table 2. Distribution of Respondents Based on Demographic 

Characteristics 
Category Option category Count Percentage (%) 

Gender Male 228 64 

 Female 128 36 

 Total 356 100 

Age Less than 30 years 150 42 

 31-40 years 128 36 

 41-50 years 78 22 

 Above 50 years 0 0 

 Total 356 100 

Educational Qualification Diploma 36 10 

 Graduate 171 48 

 Post Graduate 50 14 

 Others 99 28 

 Total 356 100 

Experience Less than 5 years 199 56 

 5-10 years 100 28 

 Above 10 years 57 16 

 Total 356 100 

Source: Compiled by the authors based on the survey results. 

 

The analysis shows the distribution of respondents based on their 

demographic characteristics among 356 participants. The majority of 

respondents are male, representing 64% of the sample, while female 

respondents account for 36%. The age structure shows that 42% of 

respondents are less than 30 years old, 36% are between 31 and 40 years old, 

and 22% are between 41 and 50 years old. In terms of education, the majority 

of respondents, 48%, are graduates, indicating that graduate-level education 

plays a significant role in developing basic data analysis skills. About 14% 

of respondents are postgraduates, who are likely to possess more advanced 

analytical knowledge. Diploma holders account for 10%, suggesting 
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comparatively limited exposure to analytical tools. The remaining 28% are 

from other educational backgrounds, suggesting that additional training and 

certifications can also contribute to data analysis capability. In relation to 

work experience, 56% of respondents have less than 5 years of experience, 

28% have 5-10 years of experience, and 16% have above 10 years of 

experience. 

 
Figure 5. Impact of experience on data analysis capability 

Source: compiled by the authors based on the survey results. 

 

The pie chart shows the impact of experience on data analysis capability 

among 356 respondents. A majority of respondents believe that experience 

improves analytical skills, with 42% strongly agreeing and 34% agreeing. 

This indicates that practical work experience helps individuals better 

understand and apply data analysis tools. Approximately 11% of respondents 

remained neutral, indicating uncertainty about the impact. Only 8% 

disagreed and 5% strongly disagreed with the statement. Overall, the results 

suggest that experience plays a significant role in enhancing data analysis 

capability. 

Gender distribution of respondents. The gender distribution of 

respondents is presented separately in Table 3. 

 

Table 3. Gender Distribution of Respondents (N = 356) 
Gender Frequency (N) Percentage (%) 

Male 228 64 

Female 128 36 

Total 356 100 

Source: Compiled by the authors based on the survey results. 

 

The table 3 indicates the gender distribution of respondents in the study. 

It shows that 64% of the respondents are male, while 36% are female. This 

reveals that male respondents constitute the majority of the sample. The 

noticeable difference between male and female participation suggests a 

gender imbalance, which may influence the overall results. However, the 

inclusion of female respondents still provides a reasonable level of 

representation for comparative analysis. 

38%

34%

20%

8%

Extensive Experience Moderate Experience Limited Experience No Experience
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Figure 6. Gender Distribution of Respondents 

Source: compiled by the authors based on the survey results. 

 

Age distribution of respondents. The age distribution of respondents is 

presented in Table 4. 

 

Table 4. Age Distribution of Respondents (N = 356) 
Age group Frequency (N) Percentage (%) 

Less than 30 years 150 42 

31-40 years 128 36 

41-50 years 78 22 

Above 50 years 0 0 

Total 356 100 

Source: compiled by the authors based on the survey results. 

 

The age distribution indicates that 42% of respondents are under 30 

years old, making it the largest group in the study. About 36% are between 

31 and 40 years old, while 22% are between 41 and 50 years old. This 

suggests that the majority of respondents are young professionals who are 

more familiar with digital technologies and analytics tools. 

 

 
Figure 7. Age Distribution of Respondents 

Source: compiled by the authors based on the survey results. 

 

HR analytical tools used in organizations. The study examined the 

types of HR analytical tools used in organizations. The results are presented 

in Table 5. 

64%

36%
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42%

36%

22%
0%

Less than 30 years 31-40 years 41-50 years Above 50 years
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Table 5. HR Analytical Tools Used in Organizations (N = 356) 
HR analytical tools Frequency (N) Percentage (%) 

Descriptive Analytics 90 25 

Predictive Analytics 60 17 

HR Dashboard 75 21 

Compensation Analytics 45 13 

Engagement Analytics 50 14 

Workforce Planning Tools 36 10 

Total 356 100 

Source: compiled by the authors based on the survey results. 

 

The table 5 shows the various HR analytical tools used in organizations. 

Descriptive analytics is the most widely used tool, representing 25% of 

responses. HR dashboards account for 21%, while predictive analytics 

represents 17%. Other tools, such as engagement analytics, compensation 

analytics, and workforce planning tools, support effective workforce 

management and strategic HR decision-making (John & Hajam, 2024). 

These findings indicate that organizations are applying HR analytics in 

different areas, from reporting and monitoring to forecasting and planning. 

 
Figure 8. HR Analytical Tools Used in Organizations 

Source: compiled by the authors based on the survey results. 

 

Impact of HR analytics on strategic decision-making. The impact of 

HR analytics on strategic decision-making is presented in Table 6. 

 

Table 6. Impact of HR Analytics on Strategic Decision-Making 
Response Frequency (N) Percentage (%) 

Strongly Agree 140 39 

Agree 120 34 

Neutral 50 14 

Disagree 30 8 

Strongly Disagree 16 5 

Total 356 100 

Source: compiled by the authors based on the survey results. 

 

The analysis shows that 73% of respondents either strongly agree or 

agree that HR analytics tools improve strategic decision-making in 
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organizations. Only 13% expressed disagreement, while 14% remained 

neutral. This suggests that HR analytics plays a significant role in enabling 

data-driven managerial decisions. 

 

 
Figure 9. Impact of HR Analytics on Strategic Decision-Making 

Source: compiled by the authors based on the survey results. 

 

Overall, the results show that HR analytics tools are increasingly 

applied in organizations to support strategic decision-making and workforce 

optimization. The findings indicate that HR analytics is used for descriptive 

reporting, predictive modelling, HR dashboards, compensation analytics, 

engagement analytics, and workforce planning. The demographic results 

show that most respondents are young professionals, which may explain 

their familiarity with digital tools and data-driven HR approaches. The 

strongest empirical result is that 73% of respondents agree or strongly agree 

that HR analytics improves strategic decision-making. 

Discussion. This research highlights how crucial HR analytics tools are 

for enhancing strategic decision-making and managing the workforce in 

organizations. The participant feedback clearly indicates that companies that 

actively use analytics tools, such as predictive models, HR dashboards, and 

workforce planning systems, tend to make more informed choices. These 

tools allow managers to base decisions on data rather than intuition when 

shaping their HR strategies. 

Another key finding is that HR analytics aids in optimizing the 

workforce. Organizations that analyze employee performance, engagement, 

and retention statistics can pinpoint skill gaps and allocate resources more 

effectively (John & Hajam, 2024). This means employees can be assigned to 

roles that align with their skills, thereby boosting both productivity and job 

satisfaction (Johar, 2024). 

The demographic breakdown also provides insight, suggesting that 

those early in their careers are more comfortable with digital tools and data-

driven HR methods (Aydın et al., 2024). Their background in technology 

and analytics may be contributing to the rise of HR analytics in businesses 

(Álvarez-Gutiérrez et al., 2022). 
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The findings also confirm the relevance of the proposed hypotheses. 

HR analytics tools are perceived as positively influencing strategic decision-

making, which supports the view that data-driven HR practices help 

managers align human capital decisions with organizational goals (Okatta et 

al., 2024). The results also show that HR analytics supports workforce 

optimization by improving resource allocation, identifying skill gaps, and 

supporting employee retention (Wolniak et al., 2024). Predictive analytics is 

particularly important because it can help organizations identify attrition risk 

and take preventive measures (Konda et al., 2025). HR dashboards also 

contribute to organizational performance by enabling managers to monitor 

productivity and performance indicators in real time (Pietroni & Marconi, 

2023). 

In summary, the findings indicate that HR analytics is evolving into a 

strategic asset, not just a basic HR function. When organizations effectively 

leverage workforce data, they position themselves better to plan for future 

talent requirements, enhance employee performance, and align HR strategies 

with overall business goals (Okatta et al., 2024). 

Conclusions. This study investigated how HR analytics tools can be 

applied to strategic decision-making and workforce optimization. The 

findings show that companies using analytics in their HR processes can make 

more accurate and evidence-based choices. Tools such as predictive 

analytics, HR dashboards, and workforce planning systems enable managers 

to better understand employee behavior, performance trends, and the future 

needs of the workforce (Tuli et al., 2018). 

The results also indicate that HR analytics plays a key role in enhancing 

workforce management (Alam, 2024). By examining employee data, 

organizations can pinpoint potential issues, such as high turnover rates, skill 

shortages, or low engagement levels (Alam, 2024; Tuli et al., 2018). 

Tackling these challenges proactively helps organizations strengthen 

retention strategies (Alam, 2024) and boost employee productivity (Tuli et 

al., 2018). 

However, for HR analytics to be successfully implemented, a few 

factors must be in place, including reliable data, suitable technology 

infrastructure, and skilled HR professionals who can interpret analytical 

results effectively. Without these components, organizations might not fully 

enjoy the benefits of HR analytics (Jandaly & Khojah, 2024). 

In conclusion, HR analytics has become a vital part of contemporary 

human resource management (Alam et al., 2025). Organizations that invest 

in analytics capabilities are likely to see improvements in workforce 

efficiency, better strategic planning support, and a sustained competitive 

edge in today’s data-driven business landscape (Kiran et al., 2023). 

The study also has limitations. The sample size was limited by time and 

financial constraints, and the findings are based on the perceptions of 

respondents, which may create response bias. Limited access to confidential 
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organizational HR analytics data also affected the depth of analysis. Future 

research should expand the sample size, include more sectors and regions, 

apply longitudinal research designs, and test standardized models for 

measuring the impact of HR analytics on strategic decision-making, 

retention, productivity, and organizational performance. 
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